Tl NRAFRERAENA

%13 % H5 M £ % Hi /N Vol. 13 No. 5
2024 £ 9 A JOURNAL OF INTEGRATION TECHNOLOGY Sep. 2024
SIZH&R

H UK, Biihi, 35, 55, —Fh 20 B B0 R A AN IR IE T2 (7], BEAAER, 2024, 13(5): 64-73.
Xia B, Yang RN, Dong Y, et al. A method for constructing and validating a multimodal metaphor dataset [J]. Journal of
Integration Technology, 2024, 13(5): 64-73.

— M SRS M SR R AT UE 50
H K Wi £ OE RitE ERR BsW PAEWR
(PRILARE AM 450007)

B OE RWRH SRR DR HAET, REREIOOR. BRI 2 B rEd,
PRI, R0 2 A B 4 B BRI SO LR N 2 e BT UM E . 1T ok = 2 BESEa S
8, AELUESIBE U, DI, TSR O T OOR R . XN — AN, MR E e NE-
SCA FEmT L AR IR RN R A A A R R 2 RS R R s LK, R ARSI A
1T Kappa 70 80iH 5 e, AEBITOIZRAE AT R AL R & R PR AE . BB SEAST RAFAEAT SCAS
RRAIE, A3 2 BAS TR AR, B0E 2 RS HR R TR AME . SRIREE AR R R e
I B B 2 T BT FE R ARSI AICR, 2RSS R A LG A B T B e B

XHEIR NRBE LA ZHESRMERI; SMRAIN SRS EE IS
hESES TPIS1  XEAMARER A doi: 10.12146/).issn.2095-3135.20240124001

A Method for Constructing and Validating a Multimodal Metaphor Dataset
XIABing® YANG Ruinan DONG Yu CHU Shihao TANG Chongjun GE Yunxiang YIN Jiabin

( Zhongyuan University of Technology, Zhengzhou 450007, China )
"Corresponding Author: xiabing@zut.edu.cn

Abstract Metaphor has the purpose of inspiring understanding and persuading others. Currently,
metaphor presents the trend of multimodal integration of text, images, and videos. Therefore, identifying the
metaphorical semantics contained in multimodal contents has research value for Internet content security.
Due to the lack of multimodal metaphor datasets, it is difficult to establish research models. Therefore, current
scholars pay more attention to text-based metaphor detection. To overcome this shortcoming, the paper first
generates a new multimodal metaphor dataset from the perspectives of image-text, metaphor appearance,

emotion expression, and author intention. Then, Kappa scores were used to assess the consistency among the
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annotators of the dataset. Finally, a multimodal metaphor detection model is constructed to verify the quality

and value of the multimodal data set by combining image attribute features, image entity features, and text

features with the help of a pre-training model and attention mechanism. The experimental results show that the

metaphor dataset with emotion and intention can improve the effectiveness of metaphor model detection, and

confirm that the interrelationship of multimodal information is helpful for understanding metaphor.
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Fig. 1 [Example of the annotation of the image-text pair
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Fig.2 Samples of the multi-modal metaphor category
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Table 3 Hyperparameter

Hyper-parameters Value
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Learning rate 0.000 1
Gradient Clipping 5
Early stop patience 5
ResNet FC size 512
LSTM dropout rate 0.2
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Table 5 Comparison results of the dataset
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