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and vertical windowed sampling on historical GPS data. Secondly, we use Spark to compute the probability

distribution of average speed over each time window. Thirdly, we use Bayesian maximum-a-posteriori

estimation to adjust the speed estimate of latest period of time. Experimental results demonstrate that the

proposed method can be used for implementing efficient and accurate urban traffic prediction in real time.

Keywords real time traffic prediction; GPS; Spark; Beidou navigation satellite system
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