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Due to its characteristics of shortness and sparseness, short text, as the main body of microblog and other 
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Fig. 5 S mmary of eval atio res lts-1
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Micro-p 4.75
Macro-p 5.54
Macro-r 9.07

6

F1

[1] Sadilek A, Kautz HA, Silenzio V. Predicting disease
transmission from geo-tagged micro-blog data
[C] // T enty-Sixth AAAI Conference on Arti cial
Intelligence, 2012: 11.

[2] Asur S, Huberman BA. Predicting the future
ith social media [C] // 2010 IEEE/WIC/ACM

International Conference on Web Intelligence and
Intelligent Agent Technology (WI-IAT), 2010, 1:
492-499.

[3] Tumasjan A, Sprenger TO, Sandner PG, et al.
Predicting elections ith t itter: What 140
characters re eal about political sentiment [C] //
Proceedings of the Fourth International Conference
on Weblogs and Social Media, 2010: 178-185.

[4] Yan R, Cao XB, Li K. Dynamic assembly
classification algorithm for short text [J]. Acta
Electronica Sinica, 2009, 37(5): 1019-1024.

[5] , , , .
[C] // 2005

, 2005: 355-361.
[6] . CRFs

[D]. : , 2009.
[7] , , .

[J]. , 2009, 36(3): 142-145.
[8] Cortes C, Vapnik V. Support- ector net orks [J].

Machine Learning, 1995, 20(3): 273-297.
[9] Lin CJ. A practical guide to support ector machines

classi cation [D]. Taipei: Tai an Uni ersity, 2006.
[10] Manning CD, Ragha an P, Schütze H. Introduction

to Information Retrie al [M] . Cambridge:
Cambridge Uni ersity Press, 2008.

[11] Meyer D, Leisch F, Hornik K. The support ector
machine under test [J]. Neurocomputing, 2003,
55(1): 169-186.

[12] Agra al R, Imieli ski T, S ami A. Mining
association rules bet een sets of items in large
databases [C] / / Proceedings of the 1993
ACM SIGMOD International Conference on
Manangement of Data, 1993: 207-216.

[13] Agra al R, Srikant R. Fast algorithms for
mining association rules in lager databases [C] //
Proceedings of the 20th International Conference
on Very Large Data Bases, 1994: 487-499.

[14] Hipp J, Güntzer U, Nakhaeizadeh G. Algorithms
for association rule mining--a general sur ey and
comparison [J]. ACM SIGKDD Explorations
Ne sletter, 2000, 2(1): 58-64.

[15] Witten IH, Frank E. Data Mining: Practical
Machine Learning Tools and Techniques [M].
Morgan Kaufmann, 2005.


