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Accelerating T2 Mapping using ISD in the Spatial-PCA Domain

PENG Xi SONG Guang-hua AN Yi-shuo LIU Yuan-yuan WANG Sheng-ru LIU Xin LIANG Dong*

( Shenzhen Institutes of Advanced Technology, Chinese Academy of Sciences, Shenzhen 518055, China )

Abstract A series of multi-contrast MR images are usually required in various MR applications, such as T1 and T2

mappings, which provide quantitative information of inherent tissue properties for diagnosis purpose. However, its clinical
application is limited by the long scanning time. The emerging theory of compressed sensing has shown great potential in

accelerating MR acquisitions. Recently, a principal component analysis based method has been proposed exploiting the

temporal sparsity via truncated PCs based on the knowledge of the analytic model and possible parameter range. However,
support detection

it may generate model errors when such prior information is not accurate. In this work, the support of the PC coefficients
conducted to demonstrate the effectiveness of the proposed method.
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were detected in a more adaptive way using iterative support detection. Reconstructions based on two knee data sets were
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