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Abstract The World Health Organization found that cardiovascular and heart disease causes the highest probability 
of death in the world. Electrocardiogram (ECG) is an important tool widely used in clinical prevention and diagnosis 
of cardiovascular and heart disease. Automatic analysis of ECG diagnostic technique can greatly reduce the workload 

direction of ECG automatic analysis as automatic ECG heartbeat classification can improve the diagnostic quality of 
arrhythmia, especially in the area of dynamic electrocardiogram or the long-term ECG recording. This paper presents an 
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2.2

AAMI (The Association for the Advancement of
Medical Instrumentation )

ANSI/AAMI EC57 1998/(R)2003, “Testing and
reporting performance results of cardiac rhythm and ST-
segment measurement algorithms”[2]
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