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A Review on Deep Web Research and Prospects
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Abstract With the rapid increase in numbers and scales of deep web sites on the Internet, search for data or information
from deep web sites by submiting queries to and obtaining results from the backend databases has become a major means
in information retrieval from the Web. This area has attracted many researchers to devote their efforts on development of
technologies to make better use of information in th deep web. One challenge is searching for and integration of data from
various databases in deep web. Since deep web is dominated by text data, research and development of technologies for
text information retrieval from deep web have a broad application potential. In this paper, we review the state-of-the-art of

deep web research in details and propose some future research directions.
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