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Abstract In recent years, the number of applications and the scalability of the Internet have experienced a rapid
improvement. As one of the basic technologies for enhancing network controllability, traffic classification can not only
provide better QoS for ISPs, but also supervise and manage network effectively, which can ensure the security of the
Internet. In this paper, we first review the methodology and achievements in the field of traffic classification by comparing
these traditional methods, and pointing out their advantages and disadvantages. Then we explain and analyze the related
research progress aiming at challenges in reality such as real-time classification in backbone network, encrypted traffic
classification, fine-grained classification, and constantly changing protocols classification etc. Finally, we look into the

future of our research.
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